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Filtered latent Dirichlet allocation (fLDA) is a natural extension of latent Dirich-
let allocation that organically captures and filters out corpus-specific stop words
which are not otherwise caught by generic stop word lists.

Probabilistic Graphical Model:
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The marginal log-likelihood for fLDA is:
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The mean-field approximation for the distribution over latent variables is:
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Using the KL-Divergence and the mean-field approximation, the variational
lower bound for the fLDA marginal log-likelihood, in expected value form, is:
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In particular:
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The remaining expected values are identical to those found in Blei’s paper,
Latent Dirichlet Allocation (2003).

The update equations distinct from Blei’s LDA paper are as follows:
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The resulting probability vector & is the probability distribution over the vocab-
ulary used for drawing stop words in the associated generative process. There-
fore those words with the highest probability in x are those most likely to be
corpus-specific stop words.



