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A generic API for linear algebra in Julia provides e
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Use Julia Language for composability: E e Publicly available in DLA.jl

 Multiple-dispatch and type inference -

 LLVM dynamically generates
optimized code for different data /

hardware types [2]

Abstract Array interface allows for
Unified API [4]
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s * Supports arbitrary data types
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* Provide single AP * Data type (Integer/ Float/ Complex )
* Ease of usage benefits 512 1024 2048 4096 8192 16k 32K 65K 512 1024 2048 4096 8192 16k * Dispatch to CPU / GPU with minimal
* Shorter development time Matrix Size (n x n) Matrix Size (n x n) changes to API
. Extendibility * Separate implementations
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